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CEO Mark Zuckerberg's decision to acquire WhatsApp, a mobile instant messaging app, for $19-billion (U.S.) has huge numbers of
industry observers questioning his leve! of sanity and inteligence.

- Mobile messenger WhatsApp to add voice calls N

U’ WhatsApp, the world's biggest mobile messaging service, is to add a voice call service for its 450 million
‘ customers, laying down a new challenge to telecom network operators just days after it was bought by
Facebook for $19-billion
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- N Y 3 f

3 N N N
- N N N

5 Y: N N
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e

unseen data e A
classification model
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yes | windy humidity
[ s
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& | ¥
yes na no yes
[ I | S|

[ 9
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P(A|B) = P(AMB)
P(B)

4

Tagmstlszandilu P(CJA) = P(A|C) x P(C)

P(A)
A A 1 I 9 A aa o ~
e P(C|A) ﬂ’E]ﬂ’J'IiJH'Ii]%HJ‘wU’EN‘Uﬂyﬂ‘ﬂmlﬂ@‘ﬂiﬁﬁﬁ Avzunad C
A ] I 9 .. A aa o =
P(AIC) AD mmmﬂmﬂmawagaiu training data NUUDANTUIN A Lasunad C
P(A|C) =P(a,Ma,Ma,...Ma_|C)
P(A|C) = P(a,|C )x P(a,|C) x P(a,|C) x ...P(a_|C)

A A ] I A aa o
P(C) ¥i39 P(A) A9 ANzt uvesnad C ¥59LDaNIUIN A
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Attribute Parameter spam normal
Free value=Y 0.585 0.019
- Free value=M 0.396 0.962
Description

Free value=unknc 0.019 0.019

Xl Won value=Y 0.585 0.019

Won value=M 0.396 0.962

Charts Won valug=unknc 0.019 0.019

Cash value=Y 0.396 0.019

% Cash value=m 0.585 0.962

Distribution Cash value=unknc 0.019 0.019
Table
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ID Na/k Age Type
1 10 20 A
2 25 15 A
3 10 15 A
4 50 15 B
5 55 20 B
6 60 30 B
7 35 40 C
8 25 50 C
9 30 60 C
10 40 55 C
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1-Nearest Neighbour model for classification.
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B
B
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cross-validation
Store g msuiunnnaasluy Repositories
) v W I o o g
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Filter Stopwords (English)
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Criterion
% accuracy
Performance precision
recall
AUC (optimistic)
Description AUC

AUC (pessimistic)

&

Annotation

|3 ExampleSet (Process Documents from Files)

P PerformanceVector (Performance)
(@) Table view () PlatView
accuracy: $3.65% +/- 3.72% (mikro: 83.65%)

true negative true positive

pred. negative a04 131
pred. positive 196 869
class recall 80.40% 86.90%

class precision
85.99%
§1.60%
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